
The Paper My Comments Final Remarks

The Cross-Section of Subjective Expectations:
Understanding Prices and Anomalies
Ricardo De La O, Xiao Han, and Sean Myers

Discussant: Andrei S. Gonçalves

2024 Emerging Voices in Finance (Notre Dame)



1/9

The Paper My Comments Final Remarks

Outline

The Paper

My Comments

Final Remarks



1/9

The Paper My Comments Final Remarks

This Paper in a Nutshell
• Literature:

◦ FIRE: dr “drives” time variation in aggregate equity prices

◦ SubE: g “drives” time variation in aggregate equity prices
• This paper:

◦ FIRE: dr “drives” differences in equity prices across firms

◦ SubE: g “drives” differences in equity prices across firms
• Empirical Setting

p̃x i,t ≈
h∑

j=1

ρj−1 · E∗
t [∆xi,t+j ] −

h∑
j=1

ρj−1 · E∗
t [ri,t+j ] + ρh · E∗

t [p̃x i,t+h]

⇓

1 ≈
Cov

(
h
Σ

j=1
ρj−1 · E∗

t [∆xt+j ], p̃x
)

Var(p̃x)
−

Cov
(

h
Σ

j=1
ρj−1 · E∗

t [rt+j ], p̃x
)

Var(p̃x)
+

Cov
(

ρh · E∗
t [p̃x t+h], p̃x

)
Var(p̃x)
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Empirics: FIRE vs SubE Mismatch
1 ≈ CFh + DRh + FPXh

0 ≈ (∆x̃i,t+1 − E∗
t [∆x̃i,t+1]) − (̃ri,t+1 − E∗

t [ri,t+1]) + ρ · (p̃x i,t+1 − E∗
t [p̃x i,t+1])

• Decomposition Result:
◦ FIRE: DRh is more important than CFh

◦ SubE: CF ∗
h is more important than DR∗

h

◦ Forecast Errors: “stubborn” expectations
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Model: Slow Moving Learning + Preference for LT CFs
xi,t = xagg

t + x̃i,t xagg
t = ϕ · xagg

t−1 + ut x̃i,t = gi · t + νi,t

• Economic Assumptions:
1) Preference for LT CFs: mt = −r f − 0.5 · γ2σ2

u − γ · ut

2) Transitory CFs: Et [∆x̃i,t+1] = Et [gi − ∆νi,t+1] = gi − νi,t

3) (FIRE) Homogeneous LT Growth: Et [gi ] = g

4) (SubE) Constant-Gain Learning:
E∗

t [gi ] = E∗
t−1[gi ] + β ·

(
∆x̃i,t − E∗

t−1[∆x̃i,t ]
)

E∗
t [νi,t ] = (1 − β) ·

(
∆x̃i,t − E∗

t−1[∆x̃i,t ]
)

• Economic Implications
1) ↑ E∗

t [gi ] ⇒ ↓ E∗
t [ri ] (so pt explained by both CF* and DR*)

2) ↑ pt ⇒ ↓ Et [ri ] (so pt explained mostly by DR)
3) Negative growth revisions:

(E∗
t − E∗

t−1)[∆x̃i,t+1] = (E∗
t − E∗

t−1)[gi − ∆νi,t+1]

= (2 · β − 1) ·
(

∆x̃i,t − E∗
t−1[∆x̃i,t ]

)
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1) Relation to the Literature
• Relation to Chen, Da, and Zhao (2013) needs to be clearer:

◦ They decompose time-series variation in r ex
t+h = (Pt+h − Pt)/Pt

◦ The r ex
t+h components are CF ∗ and DR∗

* CF ∗ comes from earnings forecasts (IBES analysts)
* DR∗ is obtained by solving P = PV (CF ∗, DR∗)

◦ For large h, CF ∗ dominates
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• But E is more volatile than P (at least in the time series)
• So, the P/E dynamics may largely reflect E dynamics
• Using 3-year smoothed earnings helps, but is it enough?
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• So, the P/E dynamics may largely reflect E dynamics
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• It seems 3-year smoothed earnings goes a long way

(cannot check your E/P because different months reflect different firms)

• However, there are still some counterfactual “price patterns”
• I suggest you add an analysis using P/D

(analysts also provide D forecasts)

• Or (less preferred), add an analysis using 10-year smoothed
earnings
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3) Interpreting the Economic Model
• Model:

◦ SDF + Belief Formation of investors who share analysts’ beliefs
◦ Such investors have private valuations in line with actual prices

• To interpret the model as determining prices, we need more:
1) Investors have homogeneous beliefs (= beliefs from analysts)
2) There is a pass through from investors’ beliefs to prices

• (Issue 1) Investors seem to have heterogeneous beliefs:
◦ E∗[r ] from analysts are countercyclical

(Wu (2018), Bastianello (2024), Büsing, Mohrschladt (2023))

◦ E∗[r ] from individual investors are procyclical (or acyclical)
(Greenwood, Shleifer (2014))

◦ E∗[r ] from Institutional investors are countercyclical
(Dahlquist, Ibert (2024), Couts, Gonçalves, Loudis (2023))

• Are you assuming marginal investors = institutional investors?
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• Model:

◦ SDF + Belief Formation of investors who share analysts’ beliefs
◦ Such investors have private valuations in line with actual prices

• To interpret the model as determining prices, we need more:
1) Investors have homogeneous beliefs (= beliefs from analysts)
2) There is a pass through from investors’ beliefs to prices

• (Issue 2) rt+1 = a + b · E∗
t [r ] + εt+1 yields b ≈ 1

◦ E∗[r ] from analysts (aggregate equity time-series)
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• Your model is consistent with B ≈ 0 (E ∗
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• Is your model consistent with low Mg? I am not sure

◦ Show that your model is consistent with low Mg or

◦ Argue for a large Mg from general investor belief shocks
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Some Other Comments
1) We disagree on why FIRE models fail

◦ You think they have too little variation in risk premia
(e.g., second paragraph of page 16)

◦ I think they have too much variation in expected cash flows

2) Bayesian Learning vs Constant-Gain Learning

◦ Suppose we let gi differ across firms (Internet Appendix H.3)

◦ Is the β value the only difference between learning models?

◦ If so, how far is the β = 1.8% from the Bayesian β?

3) E ∗[g ] based on EPS while realized earnings are not per share

4) I think wi ,t,1 in Equation 18 should have a E∗
t [∆x̃i,t+1] term
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Final Remarks
• Absolutely a great paper (expect to see it in a top journal)

◦ Link valuation differences across firms to E∗[r ] and E∗[g ]

◦ Identifies a mismatch between FIRE and SubE

◦ Proposes a (very) parsimonious model to explain results

• It would be useful to:

◦ Further discuss connections to prior (and subsequent) literature

◦ Add an analysis of P/D

◦ Think about the b ≈ 1 in rt+1 = a + b · E∗
t [r ] + εt+1

◦ Think about the weak effect of beliefs on asset prices

• Good luck!
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