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Table III

Ef,y [Aipio] — B [AZi 0] = B ( Azisgr — Bf [Aziapi]) + uyyy

Panel B: Revisions after Surprises

Main Sample 1999-2020 —0.863***

Long Sample 1982-2020 —0.786%*
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O

For large h, CF* dominates

e]

rexy, for large h drives valuation ratios
o So, cross-sectional valuation differences are dominated by CF*
o To be clear: there is plenty new in the paper | am discussing
e Connection to Décaire and Graham (2024)

o Early version: DR* drives 71% of time variation in P,
o Later version: DR* drives 28% of time variation in P,/ CF;

o You find < 50% (P/E, Method, Time Variation, or Data?)
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The objective is to decompose prices (proxied by P/E)

But E is more volatile than P (at least in the time series)
So, the P/E dynamics may largely reflect E dynamics
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2) Prices vs Earnings
The objective is to decompose prices (proxied by P/E)
But E is more volatile than P (at least in the time series)
So, the P/E dynamics may largely reflect E dynamics
Using 3-year smoothed earnings helps, but is it enough?

It seems 3-year smoothed earnings goes a long way

However, there are still some counterfactual “price patterns”

| suggest you add an analysis using P/D

Or (less preferred), add an analysis using 10-year smoothed
earnings
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My Comments

3) Interpreting the Economic Model
Model:
o SDF + Belief Formation of investors who share analysts' beliefs

o Such investors have private valuations in line with actual prices
To interpret the model as determining prices, we need more:
1) Investors have homogeneous beliefs (= beliefs from analysts)
2) There is a pass through from investors' beliefs to prices
(Issue 3) Belief shocks have weak price effects
o E*[g] from analysts have a small pass through to investors (B)
o E*[g] from investors have a small pass through to prices (M)
Your model is consistent with B ~ 0 (E[r] proxy for E/[r])
Is your model consistent with low Mg? | am not sure
o Show that your model is consistent with low Mg or

o Argue for a large M, from general investor belief shocks



My Comments

Some Other Comments

1) We disagree on why FIRE models fail

o You think they have too little variation in risk premia

o | think they have too much variation in expected cash flows

2) Bayesian Learning vs Constant-Gain Learning
o Suppose we let g; differ across firms (Internet Appendix H.3)
o Is the B value the only difference between learning models?

o If so, how far is the 5 = 1.8% from the Bayesian 37
3) E*[g] based on EPS while realized earnings are not per share

4) | think w;j ¢ 1 in Equation 18 should have a E;f[AX;.1] term
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® Absolutely a great paper (expect to see it in a top journal)
o Link valuation differences across firms to E*[r] and E*[g]
o ldentifies a mismatch between FIRE and SubE

o Proposes a (very) parsimonious model to explain results

® |t would be useful to:
o Further discuss connections to prior (and subsequent) literature
o Add an analysis of P/D
o Think about the b1 in nui=a+b-E[r]+ e

o Think about the weak effect of beliefs on asset prices

® Good luck!
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